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Model\¢ 0 20 40 60 80 100
Proposed | 0 | 57.5 [ 62.5 [63.33 [63.31 | 63.32
Quceintu_m FL 0 58 61.67 | 62.6 | 62.64 | 62.64
assica
- 0 50 56.43 | 58.71 | 58.99 59.4
¥ 1 %3t SNR vs Top-1 Accuracy
Model\
10 12.5 15.0 17.5 20
SNR
SQFL 53.97 59.34 | 59.41 [ 60.01 | 62.03
QFL 51.97 56.95 57.76 | 58.94 | 61.62
Classical | 35.23 4471 1 52.29 | 52.89 | 59.55
2 8% T4 (0,%)=(100,20)
Model\a 0.1 0.5 1 10
SQFL 58.83 59.6 62.78 63.43
QFL 58.32 57.99 58.94 62.95
Classical 44 .44 44 .93 45.97 59.44
Standalone 24.66 25.19 42.95 58.33
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